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Abstract

This work concerns the two-step Maruyama schemes for nonlinear stochastic differential delay equations (SDDEs). We first
examine the strong convergence rates of the split two-step Maruyama scheme and linear two-step Maruyama scheme (including
Adams-Bashforth and Adams-Moulton schemes) for nonlinear SDDEs with highly nonlinear delay variables, then we investigate
the exponential mean square stability and exponential decay rates of the two classes of two-step Maruyama schemes. These
results are important for three reasons: first, the convergence rates are established under the non-global Lipschitz condition;
second, these stability results show that these two-step Maruyama schemes can not only reproduce the exponential mean square
stability, but also preserve the bound of Lyapunov exponent for sufficient small stepsize; third, they are also suitable for the
corresponding two-step Maruyama methods of stochastic ordinary differential equations (SODEs). (©2017 All rights reserved.
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1. Introduction

Most systems in science and industry are perturbed by some random environmental effects and the
future state will often be related to past states except for the present states of the systems. Stochastic
differential delay equations (SDDEs) have been used to model such systems and have the form

dx(t) = f(x(t), x(t —T))dt + g(x(t),x(t —7))dw(t), t>0 (1.1

with the initial data x(t) = @(t) € Cgo([—”c, 0];R™), t € [—7,0], where the delay T > 0 is a fixed positive
constant, the drift f : R™ x R™ — R™ and the diffusion g : R™ x R™ — R™*¢ are borel measurable, and
w(t) is a d-dimensional Brownian motion. When the delay vanishes, (1.1) is called stochastic ordinary
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differential equations (SODEs). Indeed, SDDEs have come to play an important role in many branches of
science and industry, see [1, 3, 10, 14, 20, 26, 30] for example.

Due to that most of nonlinear stochastic differential equations (SDEs), including SODEs and SDDEs,
do not have the explicit solutions, numerical solutions became an area of particular interest. So far, there
is an extensive literature concerned with numerical analysis for SDEs and the key books in this area are
[18, 22, 23]. In judging the quality of a numerical scheme, it is necessary to examine its convergence
and stability. Abundant achievements have been made in the research of the strong convergence and
exponential mean square stability of the one-step schemes. The linear mean square stability of theta-
Euler methods and theta-Milstein schemes was investigated in [4, 11, 19, 24] and the strong convergence
and exponential mean square stability of nonlinear SDEs with different Lipschitz conditions were well
studied in [13, 15-17, 28, 29, 31-33].

Linear multi-step methods for SDEs also received a lot of attention. Buckwar and Winkler [6, 7] inves-
tigated the linear multi-step Maruyama methods for SODEs with small noise. Sickenberger [25] studied
mean-square convergence of stochastic multi-step methods with variable step-size for SODEs. Buckwar
and Winkler [8] investigated the mean square convergence of linear multi-step Maruyama methods for
SDDEs under global Lipschitz condition. However, these convergence results are all in the sense of mean
square and the strong convergence (or strong LP convergence) has not be proved. Stability analysis is
another research interest of the multi-step methods. By Lyapunov-type functionals, the asymptotic mean-
square stability of the two-step Maruyama methods for linear SODEs was investigated in [5]. Necessary
and sufficient conditions in terms of the parameters of the two-step Maruyama schemes guaranteeing
their mean square stability were derived for linear SODEs in [27]. Exponential mean square stability of
the two-step Maruyama schemes for linear SDDEs was studied in [9]. However, the mean square stability
analysis of the multi-step schemes has not been established for nonlinear SODE and SDDEs.

The current article studies strong convergence rates and exponential mean square stability of the split
two-step Maruyama and linear two-step Maruyama schemes for nonlinear SDDEs. The strong conver-
gence rates are established for SDDEs with highly nonlinear delay variables. For the stability analysis, we
address the following two questions:

(Q1) If the SDE is exponentially mean square stable, whether the two-step Maruyama methods can pre-
serve this stability property.

(Q2) If the two-step Maruyama methods inherit the exponential mean square stability of the SDE, whether
the exponential decay rate of exact solutions can be preserved as the stepsize A — 0.

The rest of the paper is organized as follows. Section 2 begins with notations and introduces the split
two-step Maruyama and linear two-step Maruyama schemes for SDDEs. Section 3 gives the estimation
of the moment and establishes the strong convergence rates of the two classes of two-step Maruyama
schemes. Section 4 devotes to investigate the exponential mean square stability and the exponential decay
rate of these two-step Maruyama schemes.

2. Notations and preliminaries

Throughout this paper, unless otherwise specified, we use the following notations. Let | - | denote both
the Euclidean norm in R™ and the trace (or Frobenius) norm in R™*4, If A is a vector or matrix, its
transpose is denoted by AT. If A is a matrix, its trace norm is denoted by |A| = (/trace(ATA). aVb
represents max{a, b} and a/\'b denotes min{a, b}. Let (Q,F,P) be a complete probability space with a
filtration {§¢}t>0 satisfying the usual conditions, that is, it is right continuous and increasing while §o
contains all IP-null sets. Let w(t) be a d-dimensional Brownian motion defined on this probability space.

The classic linear two-step Maruyama schemes for SDDE (1.1) was introduced in [8] and have the form

Yk+1 + 1Yk + ooyk—1 = A(B2f (Yk+1, Yk+1—m) + B1f (U, Yk—m) + Bof(Yk—1, Yk—1—-m))

2.1)
+719(Yk, Yk—m) AWy +109(Yx—1, Yk—1—m ) AWi 1
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with yx = @(kA) for k = —m,...,0, where A = t/m for a positive integer m is the constant stepsize,
Awy := w((k +1)A) —w(kA) is Brownian increment, and o, &g, B2, 31, Bo, 71, To are real parameters; no-
tice that the coefficient x; = 1 of yyx1 has been normalized. In order to ensure the convergence and
consistency, the following conditions will be needed: (1) Ahlquists root condition, i.e., the polynomial
p(r) = 12+ oyT + o has all its zeros in the unit disk |r| < 1 without multiple zeros on the border |r| = 0.
(2) Deterministic consistency conditions, i.e.,.1 + «; + xg = 0,2+ &1 = o + B1 + B2. (3) Stochastic consis-
tency conditions, i.e., 11 =1, 79 =1+ 4.

In this paper, we consider the case: og = 0, oy = —1, then the two-step Maruyama method (2.1) can be
rewriten as

Yk+1 = Yk FAB2f (Y1, Ykt1—m) + B1f(Yx, Yx—m) + Bof(Yk—1, Yk—1—m)] + 9(Yk, Yk—m ) AWi.  (2.2)

When B, = 0,31 = %, Bo = —%, (2.2) is Adams-Bashforth Maruyama scheme, and when 3, = %, 1 =
%, Bo = —11—2, (2.2) is Adams-Moulton Maruyama scheme.

In order to examine the strong convergence and stability of (2.2), we introduce the split two-step
Maruyama (STSM) scheme zy, defined by

{ Yk = zk + B2f (Y, Yk—m)A — Bof(Yk—1, Yk—1—-m) A, 23)
zZ1 = zk + (Y, Y- m)A + 9(Yx, Yk—m)Awy, k=0,1,2,... '

with zg = yo — B2f(Yo, y-m)A + Bof(Y—1, Yy—m-1)A Yy—m-1 = Y—m, Awg := w((k+1)A) —w(kA) is Brow-
nian increment. It is easy to see that approximation yy in (2.3) is actually the linear two-step Maruyama
(LTSM) scheme (2.2) with 31 =1 — 2 — Bo.

Note that when 3¢ =0, 32, 31 = 0, (2.2) and (2.3) are the stochastic linear theta-Euler and the split-step
theta-Euler schemes, respectively, which were well investigated for SDDEs in [33]. In order to distinguish,
we call (2.2) linear two-step Maruyama (LTSM) scheme.

Noting that the two classes of two-step schemes (2.3) and (2.2) are semi-implicit when 3, # 0, to
guarantee that they are well-defined, we need the one-sided Lipschitz condition

(x—y,f(x,2) — f(y,2)) < ux —yl? (2.4)

for any x,y,z € R"™, and restrict the stepsize A satisfying |B2|nA < 1, which implies that the implicit
equation
y =c+0Af(y,7)

admits a unique solution y = Fg, g(c, ) for any fixed c,j € R™ (see [12]).

Buckwar and Winkler [8] showed that the LTSM scheme (2.2) is mean square convergent under the
global Lipschitz condition on coefficients f and g. Then it is easy to see from zx = yx — B2f (U, Yx—m)A +
Bof(Yk—1,Yk—1—m) that STSM scheme is also mean square convergent under the same conditions. In the
following, we can prove that LTSM and STSM schemes is strongly convergent to the exact solution with
order 0.5 under the non-global Lipschitz condition on the delay term.

3. Moment boundedness and strong convergence rate

In this section, let
0 < Vilx,y) < Li(1+ x4+ yl9), i=1,2, 3.1)

and assume that f and g hold the following assumption.
Assumption 3.1. Assume f(x,y), g(x,y) are C! functions and there exist constants a, b > 0 such that

Ix1 —x2| + Vi(y1, y2)ly1 —yal, (3.2)

If(x1,y1) — f(x2,y2)| < a
< blxy —x2f + Va(y1,Y2)ly1 — 2|

‘g(xllyl) - g(XZIUZ)

for all x,y,x1,yY1, X2,y € R™.
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From Assumption 3.1, we have the following estimates
(x, f(x,y)) = (x =0, f(x,y) — £(0,y)) + (x, f(0,y) — £(0,0)) + (x, f(0,0))

1
< (1+ a)lxP + Vi(y, 02yl + 5 (0, 0)P,

f(x,y)I* < 2If(x,y) —£(0,0)]* +2/£(0,0)1* < 2a?[x* +2Vi (y, 0)*[y[* + 2If(0,0)[%, (3.3)
and
l9(x, y)I* < 2lg(x,y) — g(0,0)[* +2[g(0,0)[* < 2b%[x|* 4+ 2Va(y, 0)[y[* + 2|g(0, 0)*. (3.4)

For simplicity, we let K = max{2 + 2a,2a?,[f(0,0)[%,2b%,2/g(0,0)*} and V(y) = v2max{V;(y,0), V2(y,0)},
then
2(x, T(x,y)) VIt y)* VIg(x, y)P* < K(1+ x*) + V(y)* [yl (3.5)

The following theorem shows that under Assumption 3.1, Eq. (1.1) has a global solution (see [2]).

Theorem 3.2. If Assumption 3.1 holds, then there exists a unique global solution for Eq. (1.1). Moreover, for all
p =2, T >0, the solution holds the following property
E| sup [x(t)[P| < Clo,p,T),
tel0,T]
where C(@,p, T) is a positive constant depending on the initial data @ and p, T.
Note that condition (3.2) implies (2.4) with p =b. We define K = [B2| + |Bol + K|R2l, then for A < A* =

1/K, the two-step schemes (2.3) and (2.2) are all well-defined. In order to obtain the convergence rate, we
tirstly examine the moment boundedness of the two-step schemes.

Theorem 3.3. Let Assumption 3.1 hold and A < A*. Then for each integer p > 2,
IE[ sup Izklp] < C and ]E{ sup kalp} <C.
KAE[0,T] kA€[0,T]
Proof. By STSM scheme (2.3), we have

zx1 =z + [F(Yr, Yx—m) PAZ + AWl g (Y, Yk—m ) 9(Yk, Yx—m) Awi .

+ 2020 (Y, Yem) + 2(zi + F U, Yk—m)A) T g (Y, Yimm ) Awe.
Substituting zx = yx — B2f(Yk, Yx—m)A + Bof(Yk—1, Yxk—1—m)A into the last two terms in (3.6) yields

zi 1 = |zic? + 2AY L f (Y, Yk—m) + (1 —2B2) (Y, Yk—m ) *A?
—2B0f(Yk—1,Yk—1-m)  FYi, Yk—m)A? +19(Yi, Y m ) AWy
+2[yx + (1 — B2)f(Yi, Yk—m)A — Bof (Yk—1, Yk—1-m) AT g(Yk, Yk—m ) AWy,

which implies
k

k
i1l < lzol® +2A Y Byl f(yi, yimm)] + (1 —2B2 + 1BoA? Y 1f(yi, yiom)P
i=0 i=0

K K K
+1BolA” Y (Y Ly m)P+ )19y yim)AWil? +2 ) y{ g(yi, yi-m)Awk
0 i—0 =0
K
+2(1-B2)ADY f(Ui, Yi-m) 9y, Yi—m)Aw;
i—0

(3.7)

k

—2B0A Y f(Yi 1,Yi1-m) 9y, Yim)Awi.
im0
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Resorting to inequalities (3.5), we have from (3.7) that

K K
z 1P S C+CADY i+ CAY Vyiom) iom/
i—0 i—0

K K
+ ) 190un Y m)AWi +2 ) yl gy, yim)Awy
i—0 i—0

k
+2(1=B2)A Y f(yu,Yim) 9ys, Yim)Aw
i=0

K
—2B0A Y f(Yi 1, Yi1-m) (YL, Yim)Awi.
fn

Raising both sides to the power p > 1, we have

k k
rlmal? < creap( Y i)+ car( Z ViomPyinl)
i=0 i

k
+ (Z |9(Uizyifm)AWi| ) +2p’ ZUL ywyl m)AWk’
i=0 i=0

P

k
+ C‘ D fYLYi-m) 9YL Y m)AW;
i=0

k
P
+ C‘ D Uit Yici—m)  9(Yi Yimm)Awy
i=0

It is easy to see that for any 0 <1 < N

k 1

and
E[Oilll}il (iV(Uim)thimF)p} < Npl]E[glOV Yiom)?Plyi m|2p} 39)

< ONP 7 (Blyim PP+ Elyim P19 4 Bly; P50,

Note that yi, yi—m are §ia-measurable while Awj; is §ia independent. Using (3.4), we have

k k
P
JE( sup Z\g(yi,yi_m)FlAwilz) < NP 1]E[ sup Z‘Q(Uizyi—m)AWin}
0<k<1 i g 0<k<1 i g

1
=NPTE[ Y lg(ys yiom)Awi ]
i=0

1
=NP' Y Elg(ys, yim)PElAW P (3.10)
i=0

< CA Z EK(1+yil*) + Va(yi_m, 0)lyi_mlIP
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1 1
<C+CAY ElyilP1+CAY (Elyiml? +Elyi w0,
i=0 i=0

The Burkholder-Davis-Gundy inequality gives

)

}P/Z

[ sup ‘ (yuyl m)Aw;
0<k<l

1
< CIE[Z lyil’lg(yi, yim) A
=0 ) (3.11)
< CAP2mP/2IE Y [y P + sl + Va(Yiom, 0)1ys—m[P1P/2
i=0

1 1
<C+CAY ElyiPl+CAY (ElyimP + Elyi_m[*P1H92)],
i=0 i=0

)

]P/Z

[ sup ‘ (Y, yi-m) " 9(yi, Yiom)Aw
0<kgl

IE{Z f(yu, Yiom)P19(Ye, yiom) A
=0 1 (3.12)
< CAP/2IP/2HIE Y- (|f(UirUifm)|2p + |9(Ui/yifm)|2p)
i=0
1
<c+cady (]E|Ui|2p +Elyi—m[*? + Elyi_pn P90 4 lEIyi_mI2p(”q2)),
i=0

and similarly

P
[ sup ’ E f(Yi—1, Yi1—m) ' 9(Yi, Yiom)AW; ]
0<k<1

(3.13)
< C+ CAZ (]E|yi|2p =+ ]E|yi—m|2p + IE:|yi—'rn|2p(H_ql) + ]E|yi—m|2p(1+q2))r
i=0
where we also used (3.5) and the Holder inequality. Combining (3.8)-(3.13) yields
1 1
E| sup [zf| <C+CAY Ellyi?]+CAY Elyi m]
(3.14)

l 1
+CA Z Ellyi_m/*?(1T9)] + CA Z Elly;_m[?P(1+92)].
L i=0

Then, using zi = yx — B2f(Yx, Yxk—m)A + Bof(Yx—1, Yxk—1—m)A and (3.3), again, we deduce that for 6A <
1/K,

1z = yrl* — 2y [Baf(Yi, Yk m)A + Bof (Yk—1, Yk —1-m)A]
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+1B2f(Yr, Yk m)A + Bof (Yk—1, Yx—1-m AP
> lyil® — 2y1 [B2f(Yk, Yk m)A + Bof (Y1, Yx_1-m)A],
that is,
<zl + 2y [Baf (Y, Yk—m)A + Bof (Yk—1, Yk—1-m) Al
<zl + 1B2AA(yr + (Y, yr—m)?) + 1BolA (Y + f(yr—1, yx—1-m) )
<zl + KA + (IB2] + 1Bol + KIB2) Aly * + 1BolAly k112
+2IBolAVA (Yk—1-m, 0)*Tyk—1—ml* + 2B2lAV] (Yik—m, 0)*lyx—m[*,

[yl

which implies
(1—RA)yi* = (1= (IB2l + IBol + KIB2)) Ay
< lzil® + KA+ BolAlyk—11* + 2IBolAVI (Yk—1-m, 0)*[Yr—1-ml” + 2IB2lAV1 (Y- m, 0)*[yic—ml[*.
Using (3.1) and Assumption 3.1, we can obtain that for A < A* = 1/K,
(1= RAPPyiPP < 571 (IzwP + (KT)P + (20BolA)P L3P (1 + Iy 1l PP lyic 1P

+ 1BolP APty 27 + (2BolA)PLIP (1 + lyim |2y m )

(3.15)
< 5P 2P + C o+ CAPlyie—1—m PP + CAPfyie—gm P10
+ CAPlyi 1P + CAPlyie—n PP + CAP [ype_pn [P (H 91,
Combining (3.14) and (3.15) produces that for any p > 1
(1—-KOA)PE { sup kalh’}
0<k<+1
! 1
<C+CAY Eyi* +CADY Elyim/*]
i=0 i=0
1 1
+CAY Ely mPP0r9] 4 CAY Ellyy P09
i=0 i=0
! 1 1
<C+CAY Elsup [yP1+CAY Ellyim/PI 9]+ CAY Elyi_m[P0Ha)],
i=0 Osk<i i=0 i=0
where we also used the following inequality
1 !
Z (lyi— m|Zp Z E ‘y1|2p Z (lyi |2p < Z |Ul|2p Z ]E[|Ui|2p]-
i=0 i=—m i=—m i=0
Hence, by the discrete Gronwall inequality, we have that for any p > 2 and l <N,
1-1 1-1
E| sup [y”| < C+CA{ Y Elyi w191+ Elyi w09}, (3.16)

Oskst i=0 i=0
Letri =1+q1, 12 =1+ q and ¥ =11 V12(> 1). For any fixed p > 2, we define

pi = (IN/m]+2—)prN/m+1=t g — 12 IN/m] +1
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where [a] denotes the integer part of the real number a. It is easy to see that p; > 2,
i1 <piand piNn/mi41 =P, 1=1,2,...,[N/m].
By (3.16) and ¢(t) € Cgo([—'t, 0];IR™), we can easily obtain

]E[ sup kalpl} <C,
o<k<m

which together with (3.16) and Holder’s inequality yields

2m—1 2m—1
E| sup ™| <C+Ca{ Y Elyiml™"+ ) Ely i)
0<k<2m o
2m—1

< CJFCA{ Z |1Jl mlP1]) pl + Z |Ul mlP] pZTZ} < C.

Since N/m = T/t is finite, then repeating the previous procedures gives that for any p > 2

]E|: sup |yk|p} < IE[ sup |yk|p[N/m]+1} <C,
OSk<N 0<k<(IN/ml+1)m

which together with (3.14) implies

IE[ sup Izk\p} < C. d
0<kEN

After the moment boundedness of the two-step Maruyama schemes, we now turn to their convergence
analysis. Firstly, we need to establish the time continuous interpolations of the time discrete numerical
approximation {zyjk>o. For t € [ty,tx11), k = 0,1,...,N —1, we define the continuous approximate
solutions z(t) as follows

z(t) = z(ti) + (t = 1) F (Y, Yk—m) + 9(Yi, Y—m ) (W(t) —w(ty)),

where z(0) = zg = yo + B2AF(Yo, y(—7)) — BoAf(y_1,Yy—m), tk = kA. For t € [—1,0], we define y(t) =
x(t) = @(t). It is obvious that the continuous approximations z(t) and y(t) are §¢-measurable, moreover,
z(tk) = zx, Y(tx) = yx. In the following, we also use the following equivalent form of z(t)

t

2(t) = 2(0) +J f(y(8), y(& —)ds + JO 9(y(3), y (5 — 1)) dw(s), (3.17)

where § = ty for s € [ty, ti+1). We call z(t) the continuous extension of the discrete processes zy.
Firstly, we investigate the strong convergence rate of the two classes of theta-Euler schemes for the
case 0 € (1/2,1].

Theorem 3.4. Let Assumption 3.1 hold. Then for any A < A* and each integer p > 2,

]E[ sup Ix(t)—z(t)lp] < CAP/2 (3.18)
te[0,T]
and
IE[ sup Ix(tk)—yklp} < CAP/? (3.19)
kA€(0,T]
hold.

Before proving Theorem 3.4, we introduce some necessary lemmas.
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Lemma 3.5. For any A < A* and each integer p > 2, we have

IE[ sup Iz(t)lp} < C.
t€l0,T]

Proof. For any p > 2, by the integral form (3.17), we have

t
E( sup [2(s)P) < 4" B0 +47 E| | rly(s),ys-o)as]
s€(0,t] 0 (3 20)
1 ) N P '
+47 B ( sup || gty m)antw)|").
selot] ' JO
Resorting to (3.5) and Theorem 3.3, we can easily obtain
t p t p
|| ftu)us—ma” < cB | fity)uis - as <c (321)
Using the Burkholder-Davis-Gundy inequality, (3.5) and Theorem 3.3 gives
s P t p/2
E( sup || gy ya—nnaw]”) <epB( | law(s), (k)
selot] ' Jo 0 (3.22)
. .
<c| Blotys),ys-mPas<c
0
where
4, P=2,
Cp = /2
" [pp“/Z(p —1)‘”*1}p , p>2
Therefore, combining (3.21)-(3.22) and (3.20) yields
E sup Iz(s)[P <C. O
s€(0,T]
Lemma 3.6. Assume all the conditions in Theorem 3.4 hold. Then for any p > 2,t € [0, T], A < A¥,
Elx(t) —x(D)? < CAP/2,
Elz(t) —z(D)P < CAP/?,
and
Elz(f) —y(f)IP < CAP/2 (3.23)
hold.

Proof. By Assumption 3.1, Theorem 3.3, and the Burkholder-Davis-Gundy inequality, it is easy to show

Elx(t) —x(1)|P = CE| Lt f(x(s),x(s —1))ds|? + CE| Lt g(x(s),x(s —T))dw(s)|P

t
< car! J E|f(x(s),x(s —7))[Pds + CE

t

t /2
|, 196x(s) x(s = myas] " < carrz

t

Similarly,

Elz(t) —z(1)[P = CAPEIf(y(1), y(t —1))IP + CElg(y(1), y(t — 1)) (w(t) —w(D))P
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< CAPE[f(y(1),y({—1))P + CAP/2Elg(y(D), y(i — 1) < CAP/2,

Applying z(1) —y({) = —B2Af(y(E), y{ — 1)) + BoAf(y (£),y{ — 1)) and Theorem 3.3 produces (3.23),
where t =ty for t € [ty, txr1), k=1,2,.... O

We now give the proof of Theorem 3.4.

Proof of Theorem 3.4. Define e(t) = x(t) —z(t). By (3.17) and (1.1), we have

t

e(t) =e(0) + JO [f(x(s), x(s = 7)) = f(y(3), y(8 —7))]ds

t
+J0 [g(x(s), x(s — 1)) — g(y(¥),y(¥ — T))ldw(s).

Let F(s) = f(x(s),x(s — 7)) —f(y(3),y(8§ — 1)) and G(s) = g(x(s),x(s — 7)) —g(y(5),y(§ —7)). Forany p > 2,

we have

t P

Jt G(s)dw(s)‘ . (3.24)

e(t)P < 37 Tieo) + 371 |
0

0
By Assumption 3.1, we can obtain that for any A < A*

F(s)ds‘p +3p~1

EIF(s)P < aElx(s) —y(3)” + E(Vi(x(s = 1), y(s = 1) (s — 1) —y (s — ")
<37 1aP (Efx(s) - 2(s)I” + Elz(s) — 2()P + Elz(8) ~ y($)IP)

+ (EValx(s — ), y(5 — 1) E(s — 1) —y(s - m)P?)

< CEle(s)[P + Cy/Ele(s — 1)[2P + CAP/?

EIG(s)I” < bPEIX(s) —y(8) + E(Va(x(s — 1), y(s —7)PIx(s — 1) —y(s - 7)|")

and

< 3PP (Elx(s) — z(s)IP + Elz(s) — z(3)IP + Elz(8) —y(3)|P)

+ (BValxls ), y(5 1) Elx(s — 1) —y(s 1))

< CEle(s)|P + Cy/El|e(s — )[2P + CAP/?,

where we also used Lemma 3.6 and Theorem 3.3. By the Holder inequality, we have that for any A < A*

and r € [0, T]
t P T T T
E| sup J Fls)ds| | < C]EJ IF(s)[Pds < CJ ]EIe(s)Ipds—kCJ \/Ele(s —T)2Pds + CAP/2. (3.25)
tefo,r] ' JO 0 0 0

Resorting to the Burkholder-Davis-Gundy inequality and the Holder inequality, we have that for any
A< A*

E [ sup
te(0,r]

Jt Gls)an(s)|] < cp]E(J; IG(s)\st)p/z

0

.
< cpTP/“J E|G(s)[Pds (3.26)
0

T T
< CJ EIe(s)Ipds+CJ Ele(s — )2 ds + CAP/?,
0 0
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where

4, p=2
Cp = p/2
P ertee -0, pea
Combining (3.25), (3.26), and (3.24) produces that for any A < A*
1E[ sup |e(t)|v} < CJ E sup le(w)[Pds+ CJ \/Ele(s — 7)[2Pds + CAP/2.
telo,r] 0 uelo,s] 0
Hence, the continuous Gronwall inequality gives that for any A < A¥,
T
JE[ sup |e(t)|p} < CJ Ele(s — )P ds + CAP/2, (3.27)
telo,r] 0

For any p > 2, we define
pi = ([T/d+2—)p2W/H+1=1 s — 12 [T/ +1,
where [a] denotes the integer part of the real number a. It is easy to see that

2pip1 <piand prryo41 =p, i=12,...,[T/1. (3.28)

Noting that Ele(s)[?P < CA?P for s € [-1,0] and any p > 0 since z(s) = x(s) — 0Af(x(s),x(s — 1)) for
s € [—7,0], we have from (3.27) that

T
IE[ sup Ie(t)lpl} < CJ Ele(s — t)2P1ds + CAP1/2 < CAP1/2, (3.29)
tel0,7] 0

which together with (3.28), (3.29), and the Holder inequality gives that for any A < A¥,

2T
JE[ sup |e(t)|vz} <CJ Ele(s — 7)[2P2ds + CAP2/2
0

te[0,27]

2T P2
< CJ (IEIe(s —T)|P1) Plds + CAP2/2 < CAP2/2,
0

The desired assertion (3.18) then follows by repeating the previous procedures. Combining (3.18), Lemma
3.5, and zi = yi — P2f (Y, Yxk—m)A — Bof(Yk—1, Yyxk—1-m)A gives (3.19). 0

Remark 3.7. Buckwar and Winkler [8] proved that under the global Lipschitz condition, the LTSM scheme
is mean square convergent, that is, sup, o cl0,T] Elyy — x(tk)|> < CA. Hence, Theorem 3.4 improves the
convergence results in [8]. We obtain the optimal strong convergence rate of the two-step schemes for
SDDEs with highly nonlinear delay variable. These convergence results also hold for SODEs with global
Lipschitz coefficients.

After the convergence rate of the two-step Maruyama schemes, we now establish their stability analy-
sis.

4. Exponential mean square stability

For the purpose of stability, without loss of generality, we assume f(0) = 0 and g(0) = 0. This shows
that SDE (1.1) admits a trivial solution. We also assume that f and g satisfy the following local Lipschitz
condition.
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Assumption 4.1. f and g satisfy the local Lipschitz condition, that is, for each j > 0 there exists a positive
constant Kj such that for any x,y,%,§ € R™ with [x|V [y| V[V [§] <,

If(x,y) — (%, 9)Vig(x,y) — g(x, ) < Kj(lx =%/ + [y —gl).

The local Lipschitz condition together with the linear growth condition or a class of monotone condi-
tion (for example, condition (4.1) below) may guarantee that Eq. (1.1) admits a global solution (see [21]).
Let us firstly present the following theorem which gives the stability criterion of the SDDE (1.1) (also see
[21]).

Theorem 4.2. Let Assumption 4.1 hold. If there exist nonnegative constants u > o > 0 such that for all x,y € R™,
2xT (%, y) +1g(x, Y < —ulx® + olyP?, (4.1)
then the solution to (1.1) has the property
Elx(t)? < Cle)e ",
where C(@) is a positive constant dependent on the initial data @, and vy is the unique root of equation
y+oe¥" —u=0.

This section aims to examine whether the two classes of two-step Maruyama schemes that can replicate
the exponential mean square stability of the exact solution to nonlinear SDDEs.

Theorem 4.3. Let all the conditions in Theorem 4.2 hold, and f satisfies the linear growth condition

(%, )P < K(xP + lyP). (4.2)
Then there exists a positive stepsize A** such that for any A < A**, STSM scheme (2.3) satisfies

Elzi* < Clxp)e Y2k,
where ya € (0, (1/7)log(u/0)) and satisfies

li =. 4.
AL YATY *3)

Proof. By STSM scheme (2.3), we have

Iz i1 <zl + 220 F (Y, Yk m) A+ 1g(Yk, Y m ) Awy [?

(4.4)
+ I (Yr, Yr—m) AP +2(zx + F(Yi, Yx—m)A, 9(Yi, Yk—m ) AWy).
Note that zix =yx — B2f(Yx, Uk—m)A + Bof(Uk—1, Yk—1—m)A. Substituting this into (4.4) yields
iz 1l <z + 22U f (Y, Yk m)A — 2Bof(Yk—1, Yk—1-m)  FYk, Yk—m) A% +19(Yk, Yr—m) Awi
+ (1= 2B2) f(yx, Yk—m AP + 2(zx + F(Yi, Yx—m)A, 9(Uk, Yk—m ) Awy) (45)

< |zl — pA P + oA ml + 1BolK (k-1 + il + [Yx—1—m [ + [Yx—m [))A?
+ 11— 2B2K([yx? + ly—ml[H) A% + my,

where muc = 2(zi + f(Yi, Ye-m)A, 9 (Y, Yimm)AWi) + [9(Yic, Yiemm )P (14w — A). Note that Emyc = 0.
Taking expectations on the both sides of inequality (4.5) produces

Elzi1* < Elzil* + [—p + (IBol + 11 — 2B2) KAJAE [y [* + K|BolA*Ely 1>
+ [0+ (IBol + 11 — 2B2l) KAJAE [y m |* + KIBolA%Elyx_1—m|*.
Define fia = p— (IBol + 11 —2B2])KA, 64 = 0+ (ol + |1 —2B2|)KA. For any positive number O > 1, we
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have

O DAEZy 4> — OFAE|z* < (1 - O*A) O IAE|zy 2 — paAO MDAy, |2

which implies

OUHDAE L 112 < ElzoP + (1 — 0"

Noting that

1z;[?

+5aA0 VA Byl + KIBolA?0 VA (Elyic 1P + Elyc1-mP).

k k
_ FLAAZ O(j+1)A]E‘yj|2 + KH?)()|A2 Z O(j+1)A]E|Uj—1|2

j=0

k
A) > OUTDARLP + 550
i=0

j

j=0

k
+K[BolA% Y OUFDAERy; 1%

j=0

+ B2f (Y5, Yj—m) + Bof(Yj—1,Yj—1—m)*A?

<
<

then we have from (4.6) that

O(k+1)AIE|Zk+1|2 <

Note that

=~

Z O(j—!—l A|y m|2

j=0

Mo

\_4
Il
<}

and

K
> OUA; 4
=0

O(j+1)A]E|yj_1|2 _

k k
+ (04 +4IB2KAIA Y OUFVAER; 2 —aa Y OU+DAE];?

j=0

k k
+5KIBolA? Y OUFDAEN; 4 +5K|BolA? Y OUFIAERy; 1.

j=0

j=—m
—1

Elzol> 4 (1 + A + 4|B,|KA?) (1 —

= y;* + 2AU]T“32f(szyj—m) + Bof(Yj—1,Yj—1—m)]

y;% + Aly; * + 21B2f (Y5, Yj—m) + Bof(Yj—1, Yj—1—m) *A?
(1+ A+ 4IB2KA?) [y; * + 4|B2IKA% Y5 ml* + 4IBol KA (fly;—1P + lyj—1-m[*),

~

Z 0 J+1)A]E|yj|2

j=0

j=0

k—m

j=0

k
Z O(j+1)AIE|y)',m|2
—0

j=0

O~ Z 0 (G+1) A|y |2+OT Z 0 (5+1) A|y |2

k
go’t Z |y]|2+oTZO(J+1)A|UJ|2/

j=—m

k—1

OA|U—1|2 + OA Z O(j+1)A|y)_|2 <

j=0

k—m—1 )
Z O(J+m+2)A|yj|2

j=—m-—1

j=0

—1

OT+A Z |y]|2+oT+AZO j+1) A|y |2

j=—m

k
OA|y_1|2 + OA Z O(j+1)A|Uj|2,

j=0

j=0

(4.6)

(4.7)

(4.8)

(4.9)

(4.10)
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Let
—A

R(O) = (14 A+4lpylkat) L =9~

A fat (G +4IB2]KA)OT + 5|Bg|KAO? + 5|Bo[KAOATT.

Hence, we can obtain from (4.7)-(4.10) that

k
O VAR 1> < C(@) +h(0)A Y OUTDAEN;P, (4.11)
j=0
where C(¢) is a constant depending on the initial data ¢. Let A** = (u— 0)/[(12|B2| 4+ 2 + 8|B2[)K]. Then
for A < A**,

h(1) = —p+2(1Bol + 11 — 22 ) KA + o + 4|B2|KA + 10| /KA < —p+ o + (12|Bo] + 2 + 8|B2) KA < 0.

Let O = (k/0)/7, then h(O) > p— 00T = 0. Moreover, h’/(0) > 0 for all O € (1,0). Therefore, for any
A < A**, there exists a positive constant O*(A) € (1, (n/0)Y ™) such that h(0*(A)) =0 and h(O) < 0 for
O < O*(A). Let ya =1og O*(A). By (4.11), we have that for any A < A*¥,

eYs*AE|zy 2 < Clo).

It is easy to see from h(O*(A)) = 0 that limitation (4.3) holds. O

Based on Theorem 4.3, we now investigate the exponential mean stability of the SLTSM scheme.

Theorem 4.4. Let all the conditions in Theorem 4.2 hold. If f satisfies the linear growth condition (4.2), then for
any A < A**, SLTE scheme (2.2) has the property

Elyx/* < Ce(ya—elka, (4.12)

where C is a positive constant, A** is defined in Theorem 4.3, y A is defined in Theorem 4.3 and satisfies the limit
(4.3), and € € (0,vA) is a sufficiently small constant.

Proof. By Theorem 4.3, we have from (4.11) that for any fixed A < A and any sufficiently small ¢,
h(e(va=¢)) < 0 and
13

eVamKAE P < Clo) +h(eMam)A Y elvam UFDAE ;¥ k> 0.
j=0

Hence, there exists a constant C such that Z}(:o eh/A_s)(j“)AIIEI};]-|2 < C for any k > 0, which implies
(4.12). O]

Remark 4.5. Cao and Zhang [9] obtained the exponential mean square stability of LTSM scheme for linear
SDDE. Theorem 4.4 shows that the LSTM scheme can not only share the exponential mean square stability
of the exact solution, but also preserve the bound of Lyapunov exponent for sufficient small stepsize. The
existed works [5, 27] are devoted to the asymptotic mean square stability of the linear two-step Maruyama
schemes for the linear SODEs. For nonlinear SODEs (the delay vanishes), Theorem 4.4 further takes the
Lyapunov exponent of mean square stability into consideration.
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5. Concluding remark

In this paper, the split two-step Maruyama and linear two-step schemes have been considered for
nonlinear SDDEs. It is shown that the two classes of two-step Maruyama schemes converge strongly to
the exact solution of the SDDEs with highly nonlinear delay variables and the convergence rate is 0.5.
Exponential mean square stability and exponential decay rate of the two classes of two-step Maruyama
schemes are also investigated. It is proved that they can not only inherit the exponential mean square
stability of the exact solution, but also preserve the bound of the second moment Lyapunov exponent for
sufficient small stepsize, which may measure the decay rate of the numerical solutions. When the delay
vanishes, these results also hold for nonlinear SODEs.

Note that these convergence results are based on the global Lipschitz condition in the present states
of the coefficients. When 39 = 0 and 32 € [0,1], STSM and LTSM schemes are equivalent respectively
with the split step theta-Euler (SSTE) and stochastic linear theta-Euler (SLTE) schemes studied in [34].
Moreover, the strong convergence rate and exponential mean square stability of the theta-Euler schemes
were obtained for SDDEs with non-global Lipschitz condition in not only the delay states, but also the
present states. Hence, it is interesting to question whether the multi-step scheme can be applied to the
SDDEs or SODEs with non-global Lipschitz present states. And we hope to be able to discuss this question
elsewhere.
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